EToEBEm D TRFEAED T
BOMS, BZE, YK
rh RN E SRR ) 1 5 N s % db s 100080
WE: P AR NENT, W T ERIAES T, St — R sk, |
ST RERAIG T — ST RN AE TR . A s A A AR, A A ik e 5
BRI T s, RIEAE R M SO e . 45BN, ST SURAE AT, PR Ak et fE b
TP A R BT . 20, BATRER P Uik ir e — a3 sk, eEmA T
R R Bk G v e A A sl A 255k T SRS A AT I A R A o BE T 0k, JRATTER T PR F Skt
FRE TSI VEREAT A LA o SR S R AE A A o . RIS IR BIR, ST EE@BIR A7 Hriss
RULEMERE FI TR T 7L, AR RR T BRI S %
AR POURAERNE T PRURAE T BIEEAR
sy TP391 SCHERBRIRL: A

Chinese Dependency Parsing Based on Action Modeling

Xiangyu Duan, Jun Zhao, Bo Xu
Institute of Automation, Chinese Academy of Sciences, Beijing, 100080

Abstract: Action-based dependency parsing, also known as deterministic dependency parsing, has often been regarded as
an efficient parsing algorithm while its parsing accuracy is a little lower than the best results reported by more complex
parsing models. In this paper, we compare action-based dependency parsers with complex parsing methods such as
generative and discriminative parsers on the standard data set of Penn Chinese Treebank. The results show that, for Chinese
dependency parsing, action-based parsers outperform generative and discriminative parsers. Furthermore, we propose two
kinds of models for the modeling of parsing actions in action-based Chinese dependency parsing. We take the original
action-based dependency parsers as baseline systems. Results show that our two models perform better than the baseline
systems while maintaining the same time complexity, and our best result improves much over baseline.
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